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INTRODUCTION
This paper presents an effective method for

continuous gesture recognition. The method con-
sists of two modules: segmentation and recog-
nition. In the segmentation module, a continu-
ous gesture sequence is segmented into isolated
gesture sequences by classifying the frames into
gesture frames and transitional frames using two
stream CNNs. In the recognition module, our
method exploits the spatiotemporal information
embedded in RGB and depth sequences. For the
depth modality, our method converts a sequence
into Dynamic Images and Motion Dynamic Im-
ages through rank pooling and input them to
Convolutional Neural Networks respectively. For
the RGB modality, our method adopts Convolu-
tional LSTM Networks to learn long-term spa-
tiotemporal features from short-term spatiotem-
poral features obtained by a 3D convolutional
neural network. Our method has been evaluated
on ChaLearn LAP Large-scale Continuous Ges-
ture Dataset and achieved the state-of-the-art per-
formance.

PROPOSED METHOD
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Samples of generated DDIs and DMDIs for ges-
ture Mudra1/Ardhapataka, the left images are
dynamic images for forward, the right images
are dynamic images for backward. From up
to bottom: DDIs and DMDIs. DDIs are con-
structed from depth sequence. Unlike DDIs,
DMDIs are constructed from the absolute differ-
ences between consecutive frames through an en-
tire depth sequence.

TEMPORAL SEGMENTATION

An example of the temporal segmentation.
The sequence is segemented into three isolated
gesture sequences, the middle point of continu-
ous transitional frames is defined as the boundary
of two gestures.

SALIENCY SEQUENCE
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Illustration of a RGB sequence (top) and its
saliency sequence (bottom).

CHALLENGE RESULT

The result of ChaLearn LAP Large-scale Continuous Gesture Recognition Challenge. Our mean Jaccard
Index is 0.5307 in test set. It can be seen that our method is among the top performance.


