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Humans attribute
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e Crucial for collaborative team-pertormance
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 For human-Al teams to be effective, humans must also develop
theory of Al's mind

* Predict success, failure and responses
 Approximate a neural network!
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J &

PREVIOUS

Hi, my name is Vicki. | am an Artificial Intelligence (Al). | am trained to answer questions about images.

Based on your understanding and expectations of what you think Al today can do,
Do you think | will answer this question for this image correctly or wrongly?

Read the instructions below to learn more!

CLICK HERE TO SEE INSTRUCTIONS!

Keyboard shortcuts

Next / Continue

Previous
Correctly

Wrongly

Phase 1: 1/50 Do you think | will answer this question for this image correctly or

wrongly?

CORRECTLY

Score: 0/50

What are the people doing?

WRONGLY

NEXT

Ctrl +j
Ctrl +d
Ctri+e

Ctrl +1i
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 Knowledge Prediction

Keyboard shortcuts
Hi, my name is Vicki. | am an Artificial Intelligence (Al). | am trained to answer questions about images.

1i: The catch is -- | can only give one of a 1000 answers! Next Ctri+k
' E Based on your understanding and expectations of what you think Al today can do,
{

Which one of the 1000 items in the drop down list will be my answer to this question for this image? Previous Ctri+j
j (” Below are important instructions about the task and interface. Be sure to read them!
‘ . We wi / YOI sity cC 2SSes ! ) :
We will pay you a bonus if you make accurate guesses often Subonltiantine Enter

CLICK HERE TO SEE INSTRUCTIONS!

Hint: The horizontal bar to the right shows how confident | am about my answer. | hope this helps you guess better!

PREVIOUS Phase 1: 1/50 How many people are there? NEXT

Vicki's confidence about her answer

Warning! Don't answer the question yourself! Tell us what
you think Vicki's answer will be.

| think Vicki's answer would be:

'

Select from below options Score: 0/50
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A selects an image from

unknown to Q

A and QQ are given a caption to get a idea about EFF
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 Human-Al Team: Human (Questioner) and Al (Answerer)

* Image retrieval setting. Metrics: mean-rank & mean-reciprocal
rank

e Our Al Agent—>Visual Conversation Agents
e Das & Kottur et al. I[CCV 2017

*,

=

| Y-
»

Abhishek Das Satwik Kottur
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 Human-Al Team: Human (Questioner) and Al (Answerer)

* Image retrieval setting. Metrics: mean-rank & mean-reciprocal
rank

e Our Al Agent—>Visual Conversation Agents
e Das & Kottur et al. \CCV 2017 "

Questioner Answerer Abhishek Das Satwik Kottur
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GuessWhich Game Total points earned: 0 Possible points for this game: 200

Hi, my name is Abot. | am an Artificial
Intelligence. | have been assigned one
of these images as the target image. |
am nol allowed Lo show you the
image, but as a start, | will describe
the image to you in a sentence. You
can then ask me follow up questions
about it. When ready, submit one of
the images on the left as your best
guess. | will try to describe the image
and answer your questions, but | am
not perfect. | make quite a few
mistakes. | hope we can work
together to find the image! Let's do
this! Note: My knowledge of English is
limited. Sometimes if | don't know the
right waord, | say UNK. You will win
points based on how accurately you
are able to guess.

Target image descript?nn: a man
sitting on a couch with a laptop

Based on your understanding of the
image description, pick the image
that you think is the maost relevant.

Click on the image that is your best guess
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That's all folks!
Questions?

* Interface videos: https://deshraj.github.io/TOAIM/
* |nterfaces: https://github.com/deshraj/TOAIM/tree/master/Assets/Interfaces
* Guess-Which: http://gw.cloudcv.org/
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